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Frequent Pattern for Tilted-Time Windows
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Logarithmic Tilted-time Window
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Data

ENumber of pattern:10000

HAverage length of the maximal
pattern:4

HCorrelation coefficient between
pattern:0.25

HAverage confidence in arule:0.75

BSupport threshold:o  (4R—rBEifiE)

0 2R

MIB(HEZFE

TIME with Ave Trans Len 3

E‘g T T T T T

-

« e SUPRO 0,005
-4 Support 00075

+ + + 4
+ + + i
anl + +

reobE+t 4

)
+

o +
T e e B e o s b
FET Lhpd Frad FEEE bt kAt A dE o+

o

0 1 1 1 1 1 1
TIME with Ave Trans Len 5

1] 5 10 15 20 25 30 35

150 T T T T T T T

I I
~ =k SUpEON 0.005

e SUpport 00075

+
+tty 4 + + +

+++++++++*++++++ 4+ T a s *

e Y TERR
+

'Cl 1 Il Il 1 1 I 1

++++

¥+ 4

e
++ o+ 4+ ++ 4+++t  ++ L4t ++
T T st el Lt st G i, oy et

EE4

i} 5 10 15 25 a5

45

20 30
TIME with Ave Trans Len7

300 T T

T
4+t

-=+- Suppon 0.005
™1+ Suppor 0.0075

I |
; ++++ L o T o FE ety
2001 L4+

+
100 ey +
+

o | | | |

+H4+ T T T

B s o & - o
o b P + + +

o 10 20 30 40

Figure 3.6: FP-stream time requirements
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